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Figure 12: The performance comparison of the modernistic model, our model (iteration=
100), Li (iteration= 200), CV (iterations= 150) and Wu and He (iteration= 300) models
on gaussian noise 0.001. .

Test set 2: In second test set we show the performance of our model with piece-
wise linear approach on noisy image, also we add some noise such as gaussian
noise and salt and pepper on clear image to disturb the image signals and justify
the model. First we compare it with our global model and then with CV Model,
Wu and He model and Li et al model. Also we conclude that our model in piece-
wise linear approach work in some inhomogeneity and give best performance, Few
examples are display in Fig 6,7,8,9 and 10.

Test set 3: In third test we show the performance of our model with quadratic
approach in presence of noise, the test result are display in fig 11 and 12. The
comparison of our all approaches is shown in Fig 13. Further in local image segmen-
tation case, Some test show that our model also work in selective segmentation
[3] of noisy images simultaneously, the result is display in Fig 14.

5. CONCLUSIONS

In this article different from the other variational models, we proposed the model
to:

(d) Li Performance
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Figure 13: The performance comparison of the modernistic model, our model (iteration=
10) Li (iteration= 200), CV (iterations= 170) and Wu and He (iteration= 300) models on
noisy image. .

(a) Input Image (b) Our selective Performance (¢) Our 3D plot

Figure 14: Given figure demonstrate the performance of the proposed model on selective
segmentation. .
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(1) Diminish the negative effects of outlier.

(2) Perform selective segmentation.

(3) Segment noise images.

(4) Segment image with intensity inhomogeneity.

(5) Segment image with intensity inhomogeneity and noise together.

Using the characteristic of kernel function for image segmentation, further weight
function is used in the proposed model for local segmentation of noisy images. In
order to enhance the result of our model we use different approaches in the proposed
model i.e. piecewise linear approach and then quadratic approach. Our model is
based on level set formulation [20, 10] in which the edge of the objects is the zero
level set of ¢. The minimization of our modernistic model with respect to ¢ is derive
by Euler Lagrange’s equation [21]. The functions ¢; and cq are calculated first and
then ¢ is computed analytically. The values of ¢; and co are also calculated by
Euler Lagrange’s equation. To run the entire process analytically on images the
software we have used is MATLAB. We test our model on different outdoor and
medical images and we have observe its performance. Further we compare the
performance of our novel model with state of the art models. We conclude from
different experiment results that our model is performing better than Chan-Vese
model [6], Li et al. model [13] and Wu and He [25] model qualitatively.
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